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Abstract: Air pollution and its associated health risk are gaining more and attention from the society. Therefore, it is impor-
tant to accurately simulate and predict the concentration and distribution of air pollutants. The land use regression (LUR) mod-
el could precisely quantify the spatio—temporal trend of air pollutants and their environmental health risks at a small scale,
which has been widely used abroad and gradually developed. However, there are only a few practical studies applying LUR
model on criterion atmospheric pollutants in China. In this study, we summarized the progress of applying LUR model on air
pollutants both in China and across the world, including the developed modelling methods, combined use of satellite remote
sensing and ground monitoring data, increased time resolution and extended application of target pollutants. Finally, we
discussed the future improvement and development direction, which provides a methodology reference for environmental
health risk assessment and epidemiological research on air pollution.
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