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Automatic Interpretation of High Resolution Remotely Sensed

Images by Using Kernel Method
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Abstract: To tackle the limitation of conventional pixel — based classification methods

this paper proposes a new

approach composed of three steps namely kernel principal component analysis ( KPCA) based feature extraction

support vector machine ( SVM) classification and majority filtering post — classification. An experiment with an

IKONOS image covering a study area in Tibet indicates the effectiveness of this approach. The resultant image from

this automatic method shows a pattern very similar to the pattern of the reference map interpreted manually.
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